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Forecasting with Temporal Hierarchies
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library(tsutils)

frequency (admi

rev(f/(1:))

tsaggr(head (MAPA: :admissions

temp <- Y[{[1]][[311]

n <- length(temp)
tempTrn <- head(temp,n-H[j])

fit <- auto.arima(tempTrn)

- forecast(fit, h=H[]j])%mean

S < tsutils::Sthief(Y[[1]]$AL1)

W <- diag{1l/rowSums(S))

freco <- S ¥*% G %*X fbase

cmp <- RColorBrewer::brewer.pal(7
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[ ] Spatiotemporal Solar Forecasting Using a Single Sky Imager
and Satellite Data
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M 4d: Renweable Energy Generation and Power System State
Forecating (6.30., A)
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[] Spatio-temporal Probabilistic Prediction of Circular Variables:

Enhancing the Value of Wind Power Prospective Models by

Incorporating Wind Direction Probabilistic Predictions
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[] News-Driven Load Forecasting: Generative Agents and Large

Language Models for Unstructured Data and Event Analysis

o 37} Xinlei Wang (University of Sydney 7€)

o AJA: Solar and Photovoltaic Energy Forecasting (7.1., X)
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[ ] Fourier Time-varying Grey Model for Seasonal Demand Forecasting
o EAk Lili Ye (Zhongnan University of Econmoics and Law$37-)
o AM|A: Grey Forecasting Modelling and Applications (7.2., 7K)
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1}, Development of Operational PV Generation Forecast Model in

Korea Based on CNN and K-means Clustering(Zx:3 <))
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Jae In Song
Demand Forecast Team, Korea Power Exchange
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« Result

. Model development (preliminary)
- Ssummary

Forecasting Methods Overview : Mid-Term

Target Task Candidate Models Evaluated Best Performing Model

Regression Linear Regression, K-NN,

(simplified Random Forest, SVR+ K-means dustaing
Input) SVR+K-means clustering.

Imadiance

":f‘:r‘z':" Linear Regression, K-NN,
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Some newer (unpublished*) ideas/results

Let us revisit the interpolation/disaggregation of MAPA. We recast THieF as a forecast combination.
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Causal Propagation

. Context
+ Sharp and multi-scenario observation h . teleyts]
generation is essential for images. J p 2

« Sharpness enables clear decisions between
clotdy and clear pxels (.., ramp detection). e’
+ Multi-scenarios help prosont plausible
eutcomes talored taspecific spplcations
(8. stochastic EMS operation

Possible cloud
* Diffusion models meet both requirements, Diffusionmedel  ELEIEEUEITE
makingthem a natural choice. [P

« Challenges:

+ Howcan we evaluate cloud cover forecasts
against actual observations Usinga Mt
scenario scheme (piel-level metrics v,
downstream task proxies)?

* Con sueh modele bocondidonad on mul-
erspective cloud cover Inputs? (6., Palsita
perspect 1PULS? (0., Paletta et

e 2
Motivation (V): Why probabilistic forecasts? :
cisions are based on different losslfu?::zzfs.
50 the idea is to have loss-function-agnostic forecasts rIlllﬁa) pl
can use for different purposes (NWP gives point forecasts only).

s Firstof all, energy market de

e
[

i
|-— i horges o vt et
A | e J

[ TR —
psyeapaiy

*In addition, if “optimal® forecasts for wind speed and its components are
generaled, the nonlinear transformation to retrieve wind direction makes
the new forecast suboptimal under the same loss function.
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